UNAIINITE

15U UUSHIUNIAT NN LN LAY
waznsininuatsuauvasthyusumemaiinaniAeulaudu

iuns deazan’ Jdimans lwauie' a1dn uassedug™
Q1andl gnsne> Ananns Feemans’ uay 55394 wianaisst”

Y

Fuitu 22 nuanus 2568 Tuiiudly 17 funaw 2568 uneudu 21 fiurew 2568

UNANYD

mMsdeiilingUszalunmsussfiutinasatinmmaniiefiufuwas nsiniuaisuauesuldl

v '
1 o |

Tuituihgusu degfiuariiaesreau gnneilawmasau Jwmiaumansaiy lngldnalulagenneen

Y
o o

Sauduswdunisdrsianeauny nsandunisudsesniduaudundn laun nsdrsaanieeinieeu
Baudy mafivteyaninaun wasnisadewuuiiaesFeusendulsl Huiidnwiaseuaqu 66 15 ue
10.66 Lanm15 uazly Agisoft PhotoScan Tun1suseuiananInaIsnIeeInie 99nAI5a15190 AU
Tuuasnegnsvunn 40x40 wns” $1uau 10 ulas manissdunisnuty Snssallifadu 22 29d 39 via
syt 1,241 ¢ miﬂizLﬁuﬂ%mmmiﬁ’ﬂLﬁUﬂﬁuauQWﬂImL@wamiﬁ'auifﬁwLﬂ%‘aamﬂmmﬂmu
Saudunudn fenadeussuim 213.53 tCO e, 2.022026 kg CO e/m’ uaz 0.002022 tCO e/ha
Turarfinan1sinseiuuuiiassdeusenguls La?iaaauiﬁ' 21251 tCO e, 2.012442 kg CO e/m’
uay 0.000201 tCO e/ha ASUSEEUANULUUEI VDL UUTIABINUIN TR Precision = 0.902, Recall
=0.638, Accuracy = 0.597, F1-Score = 0.747 Wa% Percent = 74.737% %ﬂLLam’iﬂLLUUﬁWaaﬂﬁfﬁmmmmm
1umﬁL.ﬂmsﬁmsmwﬁuﬁﬂﬁummmLLaquTﬂumiﬁi’wLLuﬂgﬂmﬂ/juﬁgﬂéfm #OARABINUNITIATIEN
ma?‘mmwmﬁaﬁuammzmiﬁﬂLﬁumﬁuauﬁuaqﬂmmmm%”hﬁ

Adfsy:  watinmmilefiuiiy, mstnifiuasuey, wuudasadeusenduld, enasuliaudu

L e il@nd, aaugdnendans, 1mninendguniansaiy

? MAIn i saune, ANLINYINTATAUNA, ININFImENIAY

> ATVING, AEINYIMERS, INNINEdENESANY

¢ aotumaluladUesiuuseme

* gudieuarUiinsiensean, augingimans, uning1deumatsaiy
" Justs, Bl teerawong@msu.ac.th

R11  91sars3vnismaluladdesiudssna OV 7 aUuil 15/ unsiau - dguieu 2568



The Assessment of above Ground Biomass and Carbon
Sequestration in Community Forests using UAV Technology

Thinnakon Angkahad' Wutthisat Chokkuea' Satith Sangpradid®

Yannawut Uttaruk® Kittakorn Viriyasatr’ and Teerawong Laosuwan’

Received 22 February 2025, Revised 17 March 2025, Accepted 21 March 2025

Abstract

The objective of this research is to evaluate the biomass and carbon sequestration
of trees in a community forest area located in Tha Song Khon Subdistrict, Mueang Maha
Sarakham District, Maha Sarakham Province, using Unmanned Aerial Vehicle (UAV) technology
combined with field surveys. The operation was divided into three main parts: UAV surveys, field
data collection, and the creation of a Canopy Model. The study area covered 66 rai or 10.66
hectares. Agisoft PhotoScan was used for processing aerial photographs. From field surveys
in sample plots of 40x40 meters®, totaling 10 plots, the results showed a total of 22 families
and 39 species of trees, amounting to 1,241 trees. The most common species found included
457 trees of Dipterocarpus alatus, 224 trees of Shorea obtusa, and 56 trees of Lagerstroemia
tomentosa. The evaluation of carbon sequestration using machine learning models from UAVs
showed an average of approximately 213.53 tCOZe, 2.022026 kg COze/mZ, and 0.002022 tCOze/ha.
In contrast, the averaged results from the Canopy Model analysis were 212.51 tCOe, 2.012442 kg
COze/mZ, and 0.000201 tCOZe/ha. The accuracy assessment of the model was found at a Precision
of 0.902, Recall of 0.638, Accuracy of 0.597, F1-Score of 0.747, and Percent of 74.737%, indicating

that the model has the capability to analyze trees and to accurately classify canopy shapes.
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