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“In situ info.” Prototype for Using
on Small Unmanned Aerial Vehicle (UAV)
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Abstract

Artificial intelligence (Al) is now being used to analyze images acquired from mounted
cameras on unmanned aerial vehicles (UAVs) for an application of delineating addictive crops
in highland crop fields, in the valley or in the wilderness. It can also be adopted to process
images near real time. This makes it possible to find the desired goals more clearly. This paper
elaborates the current study of an Al system installed on a small UAV to detect addictive plants
for processing and analyzing camera images immediately after the time of image acquisition.
All the results will work on the device mounted on the UAV that was named “In situ info.”.
The goal of this system was divided into three parts i.e., the integration of basic Al systems,
an Al prototype for detecting addictive plants on a small UAV, and test of the Al prototype
on a small UAV in real-world settings. In this article, we describe the initial integration of
the Al system. Due to the analysis of data on a small UAV, the criteria for the selection of
equipment had to be small and lightweight. This was a limitation in the selection of equipment
to be installed on a small UAV. In the Al system studied, a readily available flower modeled as
an addictive plant was used to model in TensorFlow version 1.15 through the SSD Mobilenet
version 2 architecture by creating a “One class classification” model. It was the system used
to process images. This will test the model through the camera system used for installation
on the small UAV both prime lens and zoom lens cameras. Embracing the Al system to work
with various types of cameras as mentioned above, we obtained results in accordance with

the study objectives.

Keywords : In situ info., Unmanned aerial vehicle, Image recognition, Artificial intelligence
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Satisfaction With The Flood Simulation System
Case Study: Tha Wanga Pha District, Nan Province
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Abstract

The purpose of this study was to assess the satisfaction with the Flood Simulation
System used by Mobile Development Unit 31 in Tha Wang Pha District, Nan Province, as a
military tool for Intelligence Preparation of the Battlefield (IPB). It consists of four steps:
1) determining the environment of the flood situation area; 2) explaining the impact of
the flood situation; 3) evaluating the threat from the flood situation; and 4) considering how
to deal with the flood situation classified by personal data. The questionnaire was used as
a tool for collecting data.

As a result of the personal data assessment, males accounted for 93.3 percent of
participants, and females accounted for 6.7 percent. In terms of age, the majority were between
the ages of 30 and 40, and those between the ages of 41 and 50 accounted for 40 percent.
In terms of experience in disaster relief and disaster management, it was found that most of
them had experience for less than 8 years, representing 56.7 percent. As for the results of the
satisfaction survey on the use of the flood simulation system, considering the environmental
conditions of the flood situation area, there were mostly positive feedbacks and almost no
negative feedbacks. In terms of being a military tool to help explain the impact of the flood
situation and as a military tool to help assess the threat from the flood situation, this has the
most satisfactory assessment result. Therefore, it can be concluded that Mobile Development
Unit 31 was satisfied with the use of the flood simulation system in Tha Wang Pha District, Nan
Province, as a military tool for intelligence preparation of the battlefield. The satisfaction value

is 4.18, while the standard deviation is 0.64, which indicates good and acceptable cohesion.

Keywords : Intelligence Preparation of the Battlefield (IPB), Flood simulation system, Satisfaction
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Abstract

This article is intended for 3 primary purposes. The first is to examine different
types of realities and their military applications. The second is to explore the rise of
the metaverse and its prospects for military use, and the third is to analyze and indicate
possible opportunities as well as approaches for the development of Thailand’s defence
capabilities through Alternate Realities and Metaverse.

This article divides Alternate Realities into 3 main categories, which are Virtual Reality,
Augmented Reality, and Mixed Reality. All three categories of alternate realities provide
enhancement to defence capabilities in 2 major areas, military training and warfighting.
The paper also looks into an upward trend of virtual technology, in which the metaverse
is taking on a prominent role. Metaverse has a potential for broader defence implications
and can emerge as a key enhancement for battlefield effectiveness with intra-military
communication. The advancement in both Alternate Realities and Metaverse has offered a
way for Thai armed forces to effectively and efficiently train and operate with a simultaneous
intra-military communication as well as an interconnectivity among friendly forces.

Thus, for the full potential of military applications of Alternate Realities and Metaverse
to be realized, the article recommends that the Thai defence sector should take 3 key
approaches, which are to prioritize digital interoperability of military equipment and systems,
to seize an advantage of commercial-off-the-shelf technology, and to promote and enhance

system integration capability within the defence sector.

Keywords : Alternate realities, Metaverse, Military applications, Defence capabilities
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1. Introduction

Alternate Realities are not new to
military. They have been largely associated
with military trainings as a means to enhance
performance and comprehension of military
personnel in conducting military operations
for many decades. The evolution of
“Realities” from Virtual Reality (VR) to
Augmented Reality (AR) and Mixed Reality
(MR) have opened up a highly effective and
cost-beneficial way to provide a variety of
military trainings with close-to-real experience.
In general, Alternate Reality systems are
designed for specific trainings such as flight
simulators, ship’s bridge simulators, weapon
simulators, etc. However, the rise of
metaverse which is an interconnected and
immersive virtual world has offered an
opportunity for multi-platform and multi-user
interaction and collaboration that can
replicate actual operations in the real
world. This article is, therefore, intended
to examine the utilization of Alternate
Realities for military purposes with the rise of
metaverse in mind. The writing first describes
different types of realities together with
their definitions and examples. Later on,
military applications of alternate realities
for both military training and warfighting
are highlighted. Additionally, the rise and
prospects of metaverse for military uses
are illustrated. This article also provides a
brief analysis of Thai military’s and defence

industry’s capabilities in regard to Alternate

Realities and the metaverse, as well as
indicating possible opportunities and
approaches for the development of Thailand’s

defence capabilities in the regarding area.

2. Different “Realities”

Alternate Realities can be divided
into many categories. However, in order to
provide a comprehensive understanding
about their military applications, this article
divides Alternate Realities into 3 main types,
which are Virtual Reality, Augmented Reality,
and Mixed Reality.

Virtual Reality or VR refers to a
completely immersive digital environment.
The Virtual Reality Society provides a
technical description of virtual reality as
“a three-dimensional computer-generated
environment which can be explored and
interacted with by a person.” [1] VR allows a
user to be immersed within the virtual world
through specialized interactive devices such
as headsets, goggles, gloves, and body suits,
and whilst there, the real word is not part
of the experience.

Augmented Reality (AR), on the other
hand, focuses on the real-world experience
with the supplement of digital content to
enhance the overall experience. According
to the definition provided by Encyclopedia of
Multimedia, Augmented Reality is “a system
thatenhances thereal world by superimposing
computer-generated information on top of it.”

[2] Therefore, the technology enables virtual

nsaIvmamaluladdesiuiseme U7 5 avvil 11 / unsieu - dguigu 2566 28



or synthetic elements to be superimposed
on the real-world environment. This can
typically be achieved through the utilization
of a specialized equipment such as a headset,
a smart phone and a tablet.

Mixed Reality, as indicated by the
name, is a blend of physical and virtual
environment that allows real-time
interactions between the two. [3] To
illustrate, Intel Company, a computer chip
manufacturer, describes on its website that
Mixed Reality “provides the ability to have
one foot (or hand) in the real world, and the
other in an imaginary place”. [4] MR uses
advanced computer graphics and technology
combining with input systems to transcends
the display and includes environmental
inputs, such as position together with spatial
mapping and awareness. A special device can
be used to keep track of actual movement
in the physical world, then reflects onto the
digital environment.

In addition to the 3 primary types
of Alternated Realities described above,
Extended Reality (XR) is another term that
is commonly heard. According to HP,
a computer technology company, Extended
Reality is a full spectrum of immersive
technologies, including VR, AR, and MR. [5]
Therefore, XR can be used in referring to
Alternate Reality in general.

With regards to all these definitions,
there are other terms that fall within the

category of Alternate Realties. However, to

avoid any confusion, this article will adhere

to the definitions provided above.

3. Military Enhancement through
Alternate Realities

Alternate Realities which include VR,
AR, and MR technology can be beneficial for
military as they can enhance the defence
capabilities. Military applications of Alternate
Realities are involved in two prominent areas,

which are military training and warfighting.

3.1 Military Training

Alternate Realities are contemporarily
heavily involved with military simulation-
based training. Armed forces are accustomed
to using them as an alternative way to train
personnel. The approach provides a solution
for military training in a safe environment
with cost-effectiveness and time-efficiency.
Additionally, a simulation-based training
provides highly immersive experience with
a variety of scenarios and allows a training
evaluation to be done objectively.

Extended Reality can help to
supplement and enhance the benefits
of a simulation-based training. The use of
alternate reality technologies facilitates
military training across multiple simulation
domains, enabling the combining of genuine,
virtual and constructive elements in an
optimal way for a training. To exemplify,
the Aircrew Combat Mission Training (ACMT)

system, developed by Kratos Defense &
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Security Solutions and currently in use by
the US Air Force, utilizes mixed reality tools
which are a Multi-Position-Aircrew Virtual
Environment Trainer (MP-AVET) and Ground
Party Simulator (GPS) to train UH-1 Helicopter
aircrew along with the ground party in an
immersive mixed reality environment. [6]
The air and ground crew can have hands-on
interaction within a realistic virtual environment
with a sense of physical equipment, vibrations
and forces, together with visualization, audio,
and haptics. These add value to an overall
training without having to actually operate
in actual operations.

Additionally, Alternate Realities can
offer a realistic training scenario with a
stressful and life-threatening environment
for a military training with an opportunity to
safely make mistakes. This kind of trainings
provides a learning experience for trainees
in mitigating stress which is essential and can
be re-run for those in need to overcome
it. Although there has been little empirical
evidence indicating that a high level of stress
can be induced within a simulation-based
training, a study on Inducing Stress in
Warfighters during Simulation-Based Training
by Meredith Carroll, et al., suggests that
a certain level of stress can be stipulated
through a simulation-based military training.
[7] Hence, there is a high possibility that fully
immersive experience via Mixed Reality can
help in achieving the goal.

Another benefit of using Alternate

Realities for military training is that a
comprehensive after-action-review (AAR) can
be conducted within the virtual environment
to provide feedback with analytical data
to trainees for a more hands-on approach.
For example, the Dismounted Infantry Virtual
After-Action Review System (DIVAARS)
used by US Army at Camp Atterbury Joint
Maneuver Training Center allows users to
view digital playback scenario events from
different vantage point with statistical data.
Training facilitators can also bookmark an
event during the training and access it during
the review, as well as plot figure layers on
top of the simulated scene in facilitating the
training. [8]

Alternate reality systems can also
provide the ease of use to facilitate military
trainings regardless of any limits or constraints
by equipment’s availability, locations, and
weather conditions due to their small
footprints that can be easily deployed and
utilized even away from bases or training sites.
Furthermore, they are cost-efficient comparing
to live training sessions with real operational
platforms and a high-end full motion simulator.
High-end simulators are typically built with
proprietary architecture which heightens
the cost of procurement and requires
substantial budgets for the sustainment and
maintenance. On the other hand, VR/AR/MR
systems usually deploy commercial-off-
the-shelf (COTS) technology such as headset,

sensing gloves and smart tablet and open
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architecture standards to facilitate the
utilization, making the simulation systems
available on-demand at a much lower cost
and enabling a larger volume of deployment.
The general rule of cost comparison between
live training and simulation training indicates
that the cost per hour to train in a simulator
is about 10 percent the cost of training in
live platforms. [9] However, the increase
availability of VR/AR/MR technology could

increase the cost beneficial margin.

3.2 Warfighting

Armed forces are continuing to explore
military applications of Alternate Realities in
warfare. Devices such as heads-up displays
(HUD) and helmet-mounted displays (HMD)
have long been used in military aviation.
These devices can provide users with
situational awareness by projecting critical
visual information overlaid onto their view of
the actual world. Not only flight information
but also mission information including a
customizable choice of targeting, sensor, and
firing status is displayed through the devices
to improve combat capabilities. For instance,
F-35 Gen Il Helmet Mounted Display System
developed by Collins Aerospace is capable of
providing a 360-degree view of surrounding
with an uninterrupted display of flight and
mission information as an overlay. Furthermore,
it provides a visual targeting capability which
enables a pilot to “target weapons by looking

atand designating targets, and target verification

when receiving steering cues from onboard
sensors or via datalink”. [10] Additionally,
Integrated Visual Augmentation System
(IVAS) is another warfighting enhancement
device which is being developed by the US
Army. The system is based on Microsoft’s
commercially available HoloLens 2 with
a high-resolution night vision. It provides
overlays of “tactically relevant information
in a Soldier’s line of sight to increase lethality,
mobility, and situational awareness.” [11]

Other than being used to improved
individuals’ performance onamission, alternate
reality technology is also implemented within
the planning sector of a warfare. In 2005,
the US Army Research Laboratory successfully
developed the AR military sand table called
Augmented REality Sandtable (ARES) to
provide a battlefield visualization for the
planning purpose. The system used only a
COTS projector, an LCD Monitor, a laptop,
and a Microsoft Kinect device. [12] ARES is
able to efficiently create a model of terrains
and scenarios, allowing for a higher degree
of engagement in planning.

The aforementioned technologies
are only a few examples of warfighting
applications of Extended Reality. These new
XR-enabled capabilities can enhance the
warfighting performance and modernize the
warfare with data and precision. The prospect
of the advancement of Alternate Realities has
suggested that future warfare will intertwine

the fight in both real and virtual worlds.
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4. The Rising and Prospects of the
Metaverse

Metaverse has become an eye-catching
disruptive technology, embarking full of
potential in both commercial and defence
sectors. A general perception of Metaverse is
largely related to gaming, social media, and
virtual world, which is somewhat reductively,
equating its prospect of military utilization to
merely training. However, Metaverse has a
potential for boarder defence implications
and can emerge as a key enhancement for
battlefield effectiveness with intra-military
communication.

The term “Metaverse” was first coined
by Neal Stevenson in his 1992 science fiction
novel called Snow Crash in which a parallel
virtual reality universe was created from
computer graphics, allowing multiusers from
around the world to access and connect
through devices such as goggles and
earphones. 20 years later, an idea of
metaverse was literarily reincarnated through
Ernest Cline’s 2011 novel, Ready Player One,
which was later portrayed into a film in 2018.
The multiple virtual worlds within one
immersive digital world share much common
idea with the concept of the metaverse
today. According to Encyclopedia 2022,
Metaverse is defined as “a perpetual and
persistent multiuser environment merging
physical reality with digital virtuality. It is
based on the convergence of technologies

that enable multisensory interactions with

virtual environments, digital objects and
people.” [13] With the advancement in
alternate realities and network technologies,
the metaverse has recently gain significant
interest worldwide, especially after Facebook
rebranded itself to become Meta Platforms
with a vision to exploit the metaverse.
However, the concept of the metaverse
is nothing new to the military. The US armed
forces have been exploring networks of
virtual worlds for over 40 years. In 1978,
Captain Jack Thorpe envisaged that
simulators and mission systems would be
connected, tightly aligned, and become
indistinguishable. [14] By the end of the
1980s, Thorpe had led DARPA’s SIMNET
Program which linked the networked
simulators of platforms such as tanks and
aircrafts for over 200 systems through the use
of the Distributed Interactive Simulation (DIS)
protocol and High- Level Architecture which
integrated these military simulations into one
world model, allowing warfighters to train
and share experience within syntactic training
space. Furthermore, in the 1990s DARPA
successfully linked actual warfighting platform,
USS Wasp with SIMNET’s simulation systems
posited in different areas including helicopters
and tanks, as wells as command centers and
an observation node. This integration was
developed into the Live-Virtual-Constructive
(LVO) network, enabling on-mission warfighters

to train and trial their plans.
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After the SIMNET program, the military
continued to pursue the idea of the combining
world between the physical and virtual
environment. Optimus System, a Korean’s
technology firm, has completed the
development of the metaverse-based
military training systems called DEIMOS in 2019.
DEIMOS creates various metaverse military
training environments for trainees to be able
to react to each other and conduct missions
similarly to the real combat situations. [15]
The UK Ministry of Defence has also invested
in the development of Single Synthetic
Environment (SSE), synthesizing a digital twin
of the real world to create an integrated
common operational picture in a support
of planning and decision making of military
operations. SSE is perceived to have a
potential to be a secure military section of
the metaverse.

Noticeably, military applications of
Alternate Realities and Metaverse have
continued to prosper at a rapid rate to
fulfill the potential of digital immersive
combat operations. One key benefit of the
Alternate Realities and the metaverse is the
interconnection within and across the
defence. Integrating virtual environment
within the defence could provide
effectiveness and efficiency not only in force
preparation but also in command, control,
and communication, enabling interactive
feedbacks across defence communities.

Accurate data with battlefield visualization

and interactive communication through the
metaverse could facilitate a better decision-
making and a precise execution of a mission.
Nonetheless, mega challenges of the military
use of the metaverse to accommodate the
defence alternate reality experience are
a secured metaverse infrastructure and
the system integration of alternate-reality
activities across the defence, both in existence
and in a force modernization plan, which need
to be addressed through the cooperation

of armed forces and defence industries.

5. Opportunities for Thai Military and
Defence Industry

Scoping down to Thailand’s defence
capabilities and defence industry, military
applications of Alternate Realities within the
Royal Thai Armed Forces are largely within
the training and simulation sector. Thailand’s
armed forces are mainly end-users of
platform simulators. To illustrate, the Royal
Thai Army has various type of simulators such
as a VT-4 Battle Tank Simulator, a Howitzer
Crew Trainer (HCT) for M109A5 Howitzer
and a UH-60 helicopter simulator. In the
same manner, the Royal Thai Air Force is in
the possession of F-16A/B and Gripen flight
simulators, whilst the Royal Thai Navy has
bridge simulators and submarine simulators.
In addition, the Royal Thai Armed Forces
possesses constructive simulation systems
such as the Joint Theatre Level Simulation
(JTLS) and the Naval Warfare Training
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Simulator (NWTS) for wargaming. All of these
are individual systems which were acquired
from different manufacturers at different
time, and thus can not be easily linked
to each other to create a jointly synthetic
training environment.

On the defence industry side, Alterate
Realities and Metaverse are relatively new
tothe Thaidefenceindustry.In 2018, Thailand’s
Defence Technology Institute (DTI), a primary
actor within the Thai defence industry,
was able to develop a shooting simulation
system, which is a virtual simulator for tactical
firearms, to provide a training to pre-cadets
at the Armed Forces Academies Preparatory
School (AFAPS). Additionally, in 2021, DTI
has developed VT4 Main Battle Tank’s Crew
Training Simulator using XR devices and
delivered it to the 3" Cavalry Division of
the Royal Thai Army. The two projects are
the key initial footprints of Thai defence
industry regarding Alternate Realities for
military applications.

Apart from the mentioned efforts to
exploit the technologies, Thailand’s research
and development sector sees a potential
benefit within alternate reality technologies,
promoting the various research and
development projects to satisfy the need
of defence technologies to enhance
warfighters’ performance. This can be
exemplified through a list of proposed projects
in the capability development of Thai defence

industry’s researchers for the fiscal year 2022

of the Ministry of Higher Education, Science,
Research and Innovation (MHESI), which aims
to support the development of Thailand’s
defence capability requirements. The list
includes proposed projects for alternate
reality technologies such as a Virtual Reality
Parachute Simulator (VRPS), an Operational
Simulator for Infantry’s Regiment and
Battalion Level, and a 3-D Tactical Training
Field. [16] This represents a potential growth
of Alternate Realities and Metaverse for
Thailand’s defence applications.
Undeniably, Thai defence sector is
playing catch-up with the alternate-reality
technological trend, and there are plenty of
rooms to improve digitally. However, The
Royal Thai Armed Forces (RTARF) has a vision
to attain a smart headquarter status by 2037
with an indication to prioritize advanced
command and control capabilities with
accuracy and precision in a timely manner.
[17] In addition, Thailand’s armed forces
are looking to be more self-sufficient and
self-reliable due to a recent downward
trend of the defence budget. The 2023
Thai defence budget is reduced by 2 percent
(4.3 billion bath) compared with the allocated
budget in 2022, [18] which is largely stemmed
from an economic pressure from the impact
of the COVID-19 pandemic and global
economic recession. These open opportunities
for military applications of Alternate Realities
and the military metaverse to prosper with

the technology advancement and their
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cost benefits. There is no need for the Thai
defence industry to achieve the Original
Equipment Manufacturer (OEM) or the
Original Design Manufacturer (ODM) status.
With contemporary advancement in the field
of Alternate Realities, Thai defence industry
can take an advantage of existing dual-use and
Commercial-off-the-Shelf (COTS) products
that can be for military purposes. The method
can help to fast-track Thai defence capabilities
to become the modern and digitized military
with less time and less expenditure.
Furthermore, a common synthetic
environment with common protocol, data,
terrain, and an open architecture is potentially
a key factor in future military readiness and
warfighting. The Thai armed forces are currently
at an early stage of establishing a joint and
common digital architecture to operate on.
Therise of the metaverse offers an opportunity
for military personnel tointeract on a persistent
network, share common operational pictures,
and execute an operation with effectiveness
and efficiency. Therefore, the Thai defence
should seize an opportunity to exploit the
use of alternate realities and the metaverse
for military trainings and operations at this
early stage in a systematic way in order to
avoid an unnecessary redundancy of systems
as well as the incompatibility of systems
across the defence, which can result in the
waste of budgets for system integration at

a later stage.

6. Conclusion

An advancement in Alternate
Realities and Metaverse has offered a
way for armed forces to train and operate
with effectiveness and efficiency with a
simultaneous intra-military communication
as well as an interconnectivity with friendly
forces. Both military training and warfighting
applications of Alternate Realities together
with the metaverse can generate
interoperability among forces, enhancing
a chance of success in conducting a mission.
As for Thailand’s defence, Thai military
services have experience in using Alternate
Realities primarily as end-users of high-end
simulators of military platforms and
wargaming. An increase in availability
of commercial-off-the-shelf (COTS)
alternate realities devices and the rise of
the metaverse have creates opportunities
for the Thailand’s armed forces to gain more
access to trainings and get connected
for military operations. Thus, in order to
modernize and enhance military
capabilities, it is recommended that
Thai defence sector should take key
following approaches:

(1) Thailand’s armed forces should
prioritize the digital interoperability of military
equipment and systems being procured.
This is primarily because digital connectivity
whether within the real world, the virtual
world, or both, will continue to be in the

uptrend of military applications as armed
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forces from around the world continue to
pursue their technolosgical edge over each
other to support their national powers.

(2) Thai defence industry should take
an advantage of already developed COTS
alternate-reality technology to reduce the
time and expense in conducting research
and development. Investing more on
becoming Original Equipment Manufacturer
(OEM) rather than starting as Original Design
Manufacturer (ODM) will help to close the
capability gap of the Thai defence industry
with others that have already be in the
defence market.

(3) Thai defence industry should seek
to promote and enhance system integration
capability within the sector. Military trainings
and operations are very likely to progress
toward digital cohesion which required a
tremendous effort in integrating related
systems. Therefore, the system integration
has a high potential to be a key enable
capability for Thailand’s armed forces in
the future,

The 3 aforementioned approaches
are not an exhaustive list of efforts the
Thai defence sector should pursue. They are
merely suggested initiatives analyzed from
the contemporary trend of alternate realities
and metaverse that can be beneficial for
military modernization. Achieving capabilities
in alternate realities and the metaverse can
be a force multiplier for the Thai armed

forces to preserve the sovereignty of the

nation and to maintain the peace and

security in the region.
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Abstract

When an inventor rocket moves away from the launch point, the inventor rocket
passes through the medium, which is air, to the target area along the designed line of motion.
But because there are factors. As a result, the movement of the inventor rocket trajectory
deviates from the normal direction it was designed for and the nature of the equation is
nonlinear. Therefore, it is essential to study, design and solve this nonlinear motion problem
in order to reduce possible faults and further increase the efficiency of emission accuracy.
Solving the nonlinear motion equations can be done in a variety of ways, with this paper
presenting the method of finding the deuteronomy of the equations with the methods of
Runge-Kutta 4th, using the inventor rocket trajectory equation based on the Modified Point
Mass Trajectory Model, which experimented with transforming the initial state into 21 patterns.
The simulation results showed inventor rocket trajectories with different lift angles and
initial conditions. Whereas with a greater lift angle and starting conditions, the distance
perpendicular to the flight plane is significantly higher. In addition to that, it will result in
the position of the inventor rocket at any given time. There are markedly different values

as flight time increases.
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Idgnusuussdusnlusanvansuuy
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HasINveIAveINalRaY o JagUuiuaiudy
v9sgrandagiu (k) vilnalaasresisd
Lilafosuazligndesusiudusiniiang [6] RK2
\uaunisiiuiusstuinanisvesessiand
Tngldifamariueanmnudu (k) u fiuvmamsanans
vownaaaeludagiudu k iilddae vild
nawasileugniosusiug ANy RK3 [7]
Wiumaivesmudy k) ewiiuanugndes
wsiugn daw RKa Huazgnihanldroudisnn
Tunefua arunsadiwiinalaaslag
Aevfinmosfenslilusunsunesing o Gl
lavs3atiniaunialanléiliinnme auns
dnisleandesumesidnily vedsanunsa
viemdnnsdusnsunileyszgndldsialaan
NANVANGUUING [5] WU ﬂigqﬂﬁtﬂmaﬂm
N151181 Unscented Kalman Filter unlgisiuriu
RK4 1um'§1Jixmmmyu Pitch uag Yaw 489
mmlsrivsunmadoud venanildsiaunis
san-agarlusuduigedulusn wu RKS [8], RK8
[9]-[10] wag RK10 [11]
unauiavinauedinsuidamide
Fuavveuuftannuseing lagazEuain
thiaueaunsnsndeuiivesiienayseiiug
189198991k ULTIa0983 Modified Point
Mass Trajectory Model ﬁaq”lu%amnmmmg’m
STANAG 4355 [12] U9384AN15aUSE YYD
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F838n159093908 - AARTSUAUT 4 andy
IFvihnsuananuifesinyseivgiie i
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faldwiiu Tneluunenuiazhiaueitves
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1.1 N99198952UUNNA (Coordinate systems)
vaansndeufinuuliduidaduvesdvuis
vosmaUszhugiugenna

msedesruuiiteiitluaunsnisndoud
yosTInUszivg Usznouluseidntiedlunseu
YD5EUUNNNANSAGEU (Cartesian Coordinate
System: CCS) $19dauiiolanunsasiaosauns
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o3uwliludrnilffiugiuunanunaanumis
4 n15 [2] WHusyuuitnansidou Tnefissuu
1-3 adituindudavedanineiivnu 1 il
fmaweaaEnwazLAY 2 S FTuRan
fuszuruindudaveslan Tasfiyusiudeys
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TnayuvearAgaazdanduvinludnlanmie
wardenduauludnlanld asdiauufgiut
sUnssveslanifunssnanlngyszanuifiiad
(R2) wagaudiasiidas (@) lunsvsuvestan
mmgﬂﬁ 1

JUM 0 n158 198952 vUNARAITTIGeU (Cartesian

Coordinate System)
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1.2 wuudaaawadn (Dynamical model) a4
nindeuiinuulsiidudaduvasanaUszivg
ﬁuémmﬂ

Tunnsa¥ieaunisnsiadeuiivesasia
Usehvsil é?aaaﬂiuuamagm 3 40 fio

1. 959AUsEAYEIANUANUINTTOULNY
AINLUILIIVRIRTIAYTEAYY wazdInald
ArduUsyAnBynIenIEmamansaun ST
f95IUsRYg

2. yaaudnananusudugaieiuiv
Audnans iesinusadunszhmuuaunny
WWIIVDIRTINUTEAYS [13]

3. WTIHANITE0E AN Y TAlAILAUAY
WWIB1IVDIATINUTEAYY T ITLASITURIN
dufiudy

dmsuaunsveussfinszyinigaaudnany
yonnInlseivg muedeuiivesaninlssivg
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AIAN5IVD95IAUTERAYS naLfisuiuiide
1983 CCs ol

1.21 LNNBSEAINMIATEUNTBNTINUSRYY

X
X = |x2 I (1)
X3

Xy

a3l
Il

’_C'z 2)
X3

X = j&g (3)
X3

Taoil

X 0NeSHUNLeRTInUsivg
Tuswiwnu 1, 2 wag 3

X ONeesANLEIe ISy
Tuswiwnu 1, 2 wag 3

s

¥ nnmesanusuesaninusyius

3

Tuduwnu 1, 2 wag 3

1.2.2 INABSUEAUIINANVDIATINUTLAYY
= < ¢ o a ¢
Falunleiduvaunavensinlszivg

F
F, ] (4)
F3

Frp(m) =

e
Fi Wsananveeasinuseivg
Tuswwnu 1
Fy WSIWANU099990Us8RYg
Tuduawnu 2
Fy WSHENU89TInUsehYs
Tuswiwnu 3

1.2.3 nnwasanuswlauvadlan

0 cos(lat) cos(az)
w = 2 sin(lat) (5)
—10 cos(lat) sin(az)
lagd

w ANUSATLvedlan

0 Anududauesiivedlan

lat spazAynvesgnlans

az uuedinveignuaey
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1.2.4 nnmesANUEIENRNSYesRTIAUsEAYS
diawflsuiiuauiaay

= i—w (6)

v= Jui+vi+vi ()

sl

Tnei

7 nnmesAMSIEuTmS
Y9995INUTEAYY

vV UUAURINADIANUSIEIINS
Y93959UTEAYY

W nAmesueIANMSIaL

1.2.5 @UN15AUINAT “galaansing” (Yaw

of repose model)
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I.(m) AR EsunuLAY
AINRUIETIVDITINUTERYS
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a

uHUAUENA19YRRTINUSERYS
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ANUMUILULYDIDINA
v AduUsyEnseeieansing
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1.2.6 duNSAMUIAMSINNTIINNUITINUSERYY
1Ha991nNAULT e lENa9

X
R,

2;{'2

Fo = —m(t)go| 1= %" ©)

X3
R,

e
m(t) 11aveRTIAUTEAYY
Favdsuuamuan
R, SeilanulAsvedlan
go  Aanusslidualseslan

1.2.7 #UNISANUIUINADSVDINIIADSDDRE
Fo = —2m(t)(@ X %) (10)

1.2.8 #UNSANUINAINADIVBILITITIANIY
YDIAINANDINA

= d? -
FD = _%CDO v (U] (11)
e

Cpp AduUsEaNSLIRIuANIUY

1.2.9 #UNISATUIUAIINLABDS VDILITIINVD
AINA190INA

—_— 2
F, = “ds‘”q v (@) (12)

e
C, AdUsTAVBUS SN YD
fNaeeINTA
a, Vnwesveeioanslng

1.2.10 AUNNSAIUIUATINLADIVDILTIUUNTIE

- 71'3 -
Fy = — dngMag (FE'XU) (13)

1USEENTUDILTIWUNTIE
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1.2.11 aumsﬁﬁmmmwLi'amgumwae

2390UszAYY
. TTPd4VC_qup1
P= 81, (m) 14)
Tned
Copin MENUTZANTNTNYUAIVDS

519UsERYY

nedl FLF.Fy F, waz Fy, Ao
usadeamusufleannuansenuvesneiesia
usiltudhsvedlan ussgaduiilesinannusaiiy
9INA USUNFD USIINNTNLUAN [14] uae
wIwuNda Mud1ay %quLLuuaumﬂamiq
wiazsinaunsanandldianisied 1 agly
unenudasthaunsisiundszandldluns

a ¢

MHARAEVBITITINUTEAUFAILTTTUI- AN

2. 521U8UT5Y0959e-AAM
521 J8UTaVR93eLe-ANAT (Runge-Kutta
method: RK) Wusideuisnteldiuniian
TunsuAaunseyiusandiy (ODE) [15]
sUuvuaunsTagmluannsauandlei
aumsi 15

Vis1 =Y + ¢(xi, yi, h)h (15)

Wweh @(x;,y, h) Ao Handudiuig
a1 eUNSTANYLIRIEUNITA 16

d(x, i, h) = ark + azko+... +ayk, (16)

ai Ao MA@ (1 = 1,2,3, ., n), n Ag
dusuYad RK, ki Ao Henduweesyideuds RK
Tnganunsaeusgluguwuuaunisi 17 dwteluil

ky = f(xuy:)
ky = f(xi + prhyi + quikih)
ky = f(xi + p2hyi + qzikih + q2okah) (17)
ke, = f(x; + pooah, ¥ + quoikih + g, 2k0h
+ ot Guotn-1Ka-1h)

unAruiiagldsndouitvezas-anm
Juffuil 4 (RKA) uszgndldlunisudaunis
esmndusadeuizilidneulauugunn
‘171%391 NauMsA (15)-(17) Wefmuald n=a
azleaunis RKA dwsuldmuiamuuiinasn
UseAugdsaunsd (18) Ssanansoilulilunns
Feululusunsuneufinmed MATLAB i
nawnagnaly

1
Yi+1 = Vi + [g(kl + 2k2 + 2k3 + kl) h
ky = f(xi y0)

ky = -i-1
2 =[x 2

1 1
kz = f(x; +Eh-yi' + zkzh)
ky = f(x; + h,y; + hk3)

1
B+ 5 Hh) (18)

3. 35113
Tunsdraeensindeuiivesuurifienea
UszRvgsnduegadeiingdeamsrunmands
1999590UsEAus ALY naonaufnUsang 9
Aieresimunlaganden Wownds o
fazihunlddudoterfon1side dnvr uay
'«i’waaaﬂuaq%mﬂszawﬁmﬁmﬁu 9 wndueged
Fadnduardedddnanduegramnnniiaglden
AU 9 wazAuduiusvesLsazfUs
Tavaziden Lileananududeuresnisduin
WUYINU99TINUsERYE
NAUNITAIUIUNTLARDUAYBI9TIA
Usghwslaglingnisindeudited 2 vesiadiy
amnsaaaunsMnAdouiivesiuidee
UszRugauiiinwnusing 4 lanuauns (19)-(20)
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»F=ma (19)

m(6)% = Fg + Fg + Fp + FL + Fyg + Fra(m)  (20)

o

Taaifleihmunnmesveausaiingzyini
T RIEEE I Pt NIERIE U D PRI
Ainnndeimamdanngnuadesfasussdnas
fiduifuinavesanialseiusidsuutas
AUIAAUAULINADS VDIAIULTIVBIITIA
Usghng aenpdosnungnisiadouiifed 2 ves
sty Fafu Seanansoianideunnees 3 99
Feannsoudadueyiussudu 2 Alidududy
(Nonlinear second order differential equation)
Iemnuaunis (21)-(23)

d?xy _ md? ¢ md? c
F = —MI’ ooV 1 _W.ﬂ _lmy(qdv:{ — @3V2)
nd’p
+m£;_u v"’-a‘.l (21)
x
— 20[sin(lat) #; + cos(lat) sin(az) ;] —%
+ Fy(m)
d%x, md*® wd?®
T = amie) PE00Y V2 T ey PCitag (Qeatt ~ @ervs) (22)
md*p v
8m(t) LaV @2

+ 2i[cos(lat) sin(az) &, + cos(lat) cos(az) i3]

‘90(1 '%) + Fy(m)

d%xs wd? wd?
e - _ET(.t)ﬂC””v vy = BT(:)!}C“"-" (aaqvy — agvy)
ndp
rer Fy
+ 8m(o) Craviays (23)
. . . oX3
— 20[cos(lat) cos(az) &, — sin(az) ;] — R
+ Fy(m)

aumsi (19)-(21) szamnsadalioglu
sunuvaghekazansahivldramasie
sufouiBidaianluguuuuvesaunisii (16)
Tngluunaruiildvhmadeulusunsussdou
TAWaviIeMYIMNAeNTIAeS MATLAB
WAL HALRANL LA INALUIIT VB IRTIN
Usehusing MATLAB viail Idvhnissraesuiu
AIkUyuENURI9TINUTEAYY Aa8T8N15v09

- ARAIBUAUN 4 I1nuuleinITwanIwL
AtasaaUszavgidulumuunuiinisdians

IeTnUsERYEAIE5ET8UTD RKE fasuR 2

o« U

juation of motions in
Eq N Constant/Variables
XY Zaxis

Separate the
equation into
3 dimensional

Set the desired set
point step = i_final

Calculate all variables at
initial state (i)

Select a proper Aero
coeff. by Mach Number

RK4 Calculation for Spin rate

I

RK Order Calculation
(K1K2K3Kd4)

l

RK4 Calculation and step
update

|

Update all variables
y(i+1) = y(i) + (W6)*(K1 + 2K2 + 2K3 + K4)

i Collect y and m ;

Update next time
step
=i+l

End Cycle

End

Collect all parameter in
array i+1

FUA 2 uriuplan 13910971909 lUTUN SHUA N INALAE YD
IeTImsEaYg
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Tudnveassaendluluiinug (z-axis)
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M19199 1 A1ENTIESUAUYBILAAEYLEN

Spin-rate Mass of Thrust Elevation
(rad/s) Rocket (kg) Force (N) Angle (Deg)

-10% State 0.9427 0.9996 4.8501
Normal State 1.0471 1.1107 5.3891 10
+10% State 1.1519 1.2218 5.928

-10% State 0.9427 0.9996 4.8501
Normal State 1.0471 1.1107 5.3891 20
+10% State 1.1519 1.2218 5.928

-10% State 0.9427 0.9996 4.8501
Normal State 1.0471 1.1107 5.3891 30
+10% State 1.1519 1.2218 5.928

-10% State 0.9427 0.9996 4.8501
Normal State 1.0471 1.1107 5.3891 45
+10% State 1.1519 1.2218 5.928

-10% State 0.9427 0.9996 4.8501
Normal State 1.0471 1.1107 5.3891 60
+10% State 1.1519 1.2218 5.928

-10% State 0.9427 0.9996 4.8501
Normal State 1.0471 1.1107 5.3891 70
+10% State 1.1519 1.2218 5.928

-10% State 0.9427 0.9996 4.8501
Normal State 1.0471 1.1107 5.3891 90
+10% State 1.1519 1.2218 5.928
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fivudeunuas (Rocket Trajectory)
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WNTIeIEAGiaY (Numerical analysis)
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A Development of Neural Network Model

for Inventor Rocket Path-Motion Prediction
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Abstract

The trajectory of an artificial rocket is a non-linear equation of motion which
can be solved in various method for instance by the method of an applied newton’s law
used for establish the equation of motion or by the numerical method of Runge Kutta
4" order. All of the equations of motion are modified from the principle of Modified Point
Mass Trajectory Model (MPMTM) which will have to compare its mathematic solution.
These methods are complicated to calculate and can cause an error. Therefore, in this
article will present the application of back-propagation neural networks to predict the
trajectory of a rocket in various input according to the actual usage conditions, which
5 inputs. The performance index is used to determine the optimal neural network.
The results, the most efficient system identification neural network that has a performance
index of 0.04 and this neural network will represent the trajectory of an artificial rocket

instead of complex equations which will simplify and takes less time to calculate.

Keywords : Inventor rocket, Neural networks
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Abstract

To support agricultural development, increased understanding and data is
needed. Performing a land cover enables obtain physical landscapes. The aim of this paper
is to propose a land cover for agricultural area in Thailand using CNN method. A four-class
dataset is created: forest, palm, rice, and buildings. It is composed of about 1,500,000 with
a size of 64x64 pixels. Each class is associated with an optimized CNN model showing an
accuracy between 80 and 90%. After post-processing of each prediction, the land cover
is successfully obtained by aggregating the different class predictions. An RGB filter is used
to determine the maturation state of the rice and to differentiate the type of palm field.

Finally, the estimation of the production of palm and rice can be performed.

Keywords : Convolutional neural network, Image processing, Land cover, Satellite image
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Abstract

Land cover is a powerful tool and takes advantage of Convolutional Neural Network
(CNN) in remote sensing image recognition. However, the existing datasets are pretty small
or are not relied to the studied class where the land cover is performed. In this paper,
a methodology is proposed and detailed to create dataset images to be used for land cover
through CNN. This method consists in 4 steps. Firstly, large remote sensing images are collected.
Then, a large amount of tiles are created using an adequate sampling method. Using a coarse
model tiles are automatically labeled. Finally, dataset is cleaned from mislabeled images in
order to be used in a CNN model. Rural area in Thailand is used as study case for a 4 class
dataset: buildings, forest, roads and wasteland. In a first step, satellite images are cropped using
overlapping process to create dataset tiles. Then, coarse model based on pixel RGB bands
value is developed and by applying ratio on these RGB filters, tiles can be classified. Results
show that building and wasteland class can be created with a very high precision of at least
98% demonstrating the robustness of the proposed method to quickly perform a dataset
image. Forest presents a good precision with a value of 90%. On the opposite, roads class
presents a low precision of 68% and therefore, this datasets needs to be manually cleaned by
the users. Finally, effects of cropping and overlapping size are investigated and results show

that using a different cropping size requires a new calibration of the methodology.

Keywords : Dataset, Land cover, Image processing, Overlapped images, Satellite image
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A prototype of chemical substances to clean

gunpowder and copper fouling in gun barrels
Anon Dachasiripong
Received 27 October 2022, Revised 13 January 2023, Accepted 16 February 2023

Abstract

In this study, we aim to find a gun barrel cleaner prototype that removes copper
fouling from barrel threads. Copper fouling will degrade the barrel's ability to rotate bullets,
resulting in reduced accuracy. Additionally, too much copper fouling may cause the shot to
jam until it explodes because it clogs the barrel under increasing pressure. In addition to the
copper fouling from the bullet, there are also gunpowder fouling caused by the combustion
of the propellants that affect the firearm's operating system. Consequently, this study aims to
find chemical solutions for cleaning gunpowder fouling using organic solvents such as benzene,
hexane, and methanol. The copper fouling from the bullet head was leached using acids,
bases, and oxidizing agents: acetic acid, hydrochloric acid, sulfuric acid, nitric acid, ammonia,
potassium dichromate, and potassium permanganate were used to dissolve the copper fouling.
The experimental results revealed that benzene was most effective for cleaning sunpowder
fouling, while ammonia solution at a concentration of 2.5% by volume was most effective

for cleaning copper fouling inside the gun barrel.

Keywords : Redox reaction, Oxidation, Reduction

' Physics and Chemistry Department, Education Branch, Royal Thai Naval Academy

* Corresponding author, E-mail: anon_cu@hotmail.com

Defence Technology Academic Journal, Volume 5 Issue 11 / January - June 2023 97



1. uni
TunsBedunsazadsaznelfiAnasiu
anUsnnglusmUunazaindestu aAsruanysn
A9 9 Annnsndvesiutunaziavlans
nnnsgaudiluazanluindendindos 9
dndesutfifniiuusediy aeussdiuain
A5l ndvesAudy diuindelainaneay
vy finuinsgauilernseguindouiiny
\ndeneenly iigliAnaiesnmumeiinszau
Aslueinia viliiansrquiidiuvuey (An
ANNLLLEN [1] - [2] winsidendsyrineainass
wagInsraunoneIzinlilanenouns
Uisduinnsuasuwmal Wedndeudusiag
wARNSEAINITTEIINLNARIaINADILaE lany
Noas MlRUsEansAmveLndeldindes
anad dewaliauududianaciazeraneali
ANSANTAYR98175 0 UNIeYINIANLEENIY
suuseliesdunazid i iguioanisle
uaNINd ATUaAnUINAg  azaudsasonny
mslnumesensliduas
Tagiilunasiiaaiuazetndunas
dndestundnnnistdnuionldiufioa
TunmsdssutunsHTadendnouns Sawui
fansfiasrunosuauvdony Tagtutiendns
wnigasiulanegnesunanigludindeslu
geldarunsandnlalulssinalng Sruauas
domonstursthidniennndsssing gad
1RGN wazasaiiildasfulszinnnedaginan
szpilifloueanledniedanauaislua leold
Vosnsiazyinliindeadindesdnuse vinle
AuuiudIanas agduiuitediaady
MsdaAsIziduLUUTETIANEE81AASIY

anUsnuazasiunedunsludindssdu lng
Fuampianansiadiidanudinizinnzasiy
Tavgneaunawiiy fedsdneniignideifisud
nsiNAelsEna uazdansussansam
fidniansldihiudiealunisianuazenn
wuuiy virliengstuvihauldiuyseansam
fmnuudug annsinda wazdiongnisldau
fignuiu dsaenndesfunlevisresiguia
sumsianauies uasdaiuayugnamnssy
nsUesiulsemnadneae
2. fayaiiieados
2.1 asaiidsdudmiuieinaiuazenn
andestu

UjA3e13nand fe Ufnsensineen
yesufizeneondiadu-Sintu Wulfizerid
nsdneloudidnmseu vieiduufizenfidian
pondiatuvessiniUAsunlas JaTeuusniiy
ansduld uazusardmvesfizenfideson
wansafu Ssusznause 2 URATeN tail

1. Y)fiseneendadu (Oxidation
Reaction) i UfiSeniisinsliBidnnsoufiotu
TneBenansilisidnasouin §379 (Reducing
agent)

2. UjAsen3endu (Reduction reaction)
fio UfAseiliinnssudidnnsouiniu Tauiden
a157isuBidnnsoudn deendlad (Oxidizing
agent)

ATehANiBesUiize L
sfunmdunmsiannthenduanuneung
Feaunnsdi (1)

nsaIvmamaluladdesiuiseme U7 5 avvil 11 / unsieu - dguigu 2566 98



Cu(s) + agent —»Cu™ + ayius (1)

Culs) Ao Taneneuwasfiinnuinden
a1nae9

agent Av @139 INRNTlAg @nsUTELAN
nsA-lud wazanssnmnglunisasnsasuseney
WFRUNUND LA

Cu** fio lopauunnuevieans Svemnse
avanoinlan

AUNUS Ap @138 9 MARTWIINUATEN

2.1.1 @19aza18nsn

&, A o !

Wuansazaefdl pH Wesnin 7 @wnse
wWasunsyawdndaduintududung Tneily
nsnazfisaien WWuaanstuiujiisenlaniu
wanaglaveiiounnylia laefinsnazusaly
A1uAN pH Nianas nsnanansadulavisansazane

= @ o [ &

VOUWAINIDVDUTIE T ULAE [3]-[4]

2.1.2 d15asa18tud (Basic solution)
Juansazanedifl pH wnnd1 7 annsadey
nszawanfaannuaadutniiy Ssavudan
iufasenlaanunsnazlansuisuszian lown
avgiiilleu (AL uazdengd (Zn) Amnuussvedua
sTumuen pH 7unnty waanansadulds
AN5a¥any VaLUal VaIde seRw
AUNQE] NIA-wa o1sisillua Wniadl
ynaiaulalvitedlii nsa fe ansdidninslad
Favanerhudezumndalilelnsidenloau (HO)
wa fie Wuansaudnvsladfiazansiudaunnda
Tilansenlunlessu (OH) wiuamnads tali
feudn nse Aearsiidaudilunislilusneu

(Proton donator) dwuiua e asfidaudfisu
Tsneu (Proton accepter) 3 na1sdu a1da
liflen nsa-ua TnwedenisSunasnisliie
3udnasou Inena1alidn wa Ao ansitanansals

@Jﬁlﬁﬂmiau (Electron pair donor) ffunsa a2
WaRusylavaua [3]-[4]
nflenudnsduaziiulaiinsawaviva
ansasursendiEnasouls axtuluaudded
awldnsauazivalunisnedianaseuainlang
NOUAIANNALIEINABY Mlrlanenoung
qzyl,ﬁs@L§ﬂmauu,azag‘lugﬂmaﬂaaawﬁﬂmmia
avaneinldduegned Tnsavlinsauaziva el
1. nsnganiisn (H,S0)
2. nsnlunsn (HNO)
3. nsalalasaansn (HCL)
4. NTALBTAN (CH,COOH)
5

. anlailey (NH))

2.1.3 asuszaneandlad (Oxidizing agent)
Uiseneendndu (Oxidation) g

aaa P

Ufisennluianaviosznouiinsgaylde
Sidnaseunmalaaslyifulaanaiivimii iy
fsudidnnsou UjRsereandindunazinndu
(reduction) aziAngiu ansivimiTdus s
BlannsouEeNIN §R3md (Reducing agent) uay
Genansivinihiisudidnaseutih deendled
(Oxidizing agent) lngUjseneen@atu finay
\Rerfesiueeandiau

uananil sendindudunefininde
lelnswuevnaueanainluanadnie Uisen
oondiatunazeyyadassiudiaufeidoatu
WesnuisenthvhlmAnouyesassesas 4

Defence Technology Academic Journal, Volume 5 Issue 11 / January - June 2023 99



launuevaevile LLa%QHQﬁ@ﬂizﬁLﬁﬂ“ﬁu
whliAnufAseneendinduiuarsdu q 1Ju
Uffsenanlasioly [3]-[4]
avpauivimin il uiiadled Wy
sxmoufifvnelng Jedlsvasvhasewinaiundea
fludidnasewiauengaunn Jallusaagadidnasen
(Electronegativity) 51 gy dedifinaseude
TueAdeiazlddoendladlunisia

3 o

BlanAToUTBIMNDILAIEBN VINIRlangNaIung

\dedianmseusglugUvedlessu Taazareulad
I AIUADNITYLA90NIINNALIEINADY

9dne

2.2 Avnaza18dunsdannsuanensuin
wiinddAnandenszgudu 1Anain
fudu AuduariesAaUsznounan laun
TNunaE@ulunsm NeeuAISUBY LagA1Ngau
dlefudumnlnsiaziandnsariiduing Seine
ven8meg1esInsIauinLsIRun1eTudunda
iiglflunstuideuinszau uenanieudy
Sefindnsuaiou o faunsi (2)

10KNO_+8C+35——» 2K CO_+3K SO + (2)
6CO_+5N,

a1571avanedunsgnsaslvinazaly
a A pRp 3
dunsd 1uarsuseneuiillalasiaulazasuay
Wusasusznaundn lagasdunsdazuuiasn
W 2 Usznn Town azdndin way azlsunfn
Tngansazanfndng lnse i d97 Lfivn
T97us4 Ttheeu Fuuthunladusvhazanslen

TusAdeiiadeniwhazansdunsdunvedns
asrushiutiu WosnmshAuthuduanssman
lalasasuaunaziiansuseinnlessiinidnties
astiufvharanedunddssinunandudiay
anusavraneATIUINlen ALdedenasdun3d
3 9iln faielUll [3]1-[4]

1. Wwudu (Benzene) Wuasusenau
axlsinfnlelasansuaulibudfifansuaudeny
Hune Wuanslifdh Tnevhludesldiuududy
vhavatesrdsnsuLTlueAS e teus

2. 1enu (Hexane) Juaisusenau
SaulnseTiisuaunsueu 6 svaeu ansliiiidn
\Jusvhazaneduvidimuvesluvies fiRins
wazlugnannnssy

3. wWnuea (Methanol) Wuansuseneu
Sunsdiiivylensenda (-OH) ahelfeeniiy
fuiuoznouveInsUIUBNE Smniitseu
fihtenih frwamnsaazaneansléntneans
wazAoud1slasnfonindivazatosdndu
3ol duivihavans dilunaufudemwas
Wioiumosnimuuazzdnins U lueseseus

3. InguszasAvasmsITeuasUselevi
finadnazlesy

Womansiatldnsurednsasumnfiutiu
LaTASIUNDILASTIRARINLNEBId nd e T
sheasiainfianusunziulansnewns e
Tanaestuinnuavein dusyansamesan
gnonanisldau uwagaalonianisiindunsne
sof a1ty

nsaIvmamaluladdesiuiseme U7 5 avvil 11 / unsieu - dguigu 2566 100



4. /ANAUIUITY
Turuiseivnisetiaruaulaiion
a1siadldunsurrarsasruiautunazasiu
Vownfinanundsidindesiiu sasaisiadl
fifimnusnniziulansnewaddasiivoun

MIAINITELERIAIgUN 1

FBandunuive

[ [ |
Anwansazane naaaihen Anwwannududu NAFOY
Bun3d Funsunasuas | Tumsheowezen UssAusniwien
dpsumainhuly @ s #nans
#awdndastiuase
wudu vy wvuea
dsazaney d1sazae dsazay

nsn 2andlad wd

HCL HSO, HNO, Kkmno, KCro, NH;

(P

FUM o vouwslunsandusndide

4.1 NNSANWINAYDIEITATA18DUNTIF1USU
A15aN9ATIULNALTY

1ho1ysduiBaudrdruau 100 ta indna
pefviara1edunse 3 wia lawn

1. Wiy

2. L8NTU

3. lN1Uea

4.2 NM1NABBIMILNEIAIATIUNBIUAIAE
Tanznauag

Tagunulansnosunsuiavdasluuy
Tuansazae 3 Useian Ae

4.2.1 @15azanensa Awn
- asazanensalensonassn (HCY
- @savanenIsngaiain (HSO)
- ansazanensalumsn (HNO))

4.2.2 @15aza1900nILADY baLA

- @nsaranglnuwya@eulashuan1iun
(KI\/\nO4)

- @1savanglnunaweulalasius
(KZCrZOY)

4.2.3 @sazargiud e wewluiily (NH)
FALHUNDILAILAUATUTEUI 2 NTY

atlurluansazansnng o Wudu 0.5 luanedns

Fauandluguil 2 wazdaunmmsiuasuntas

———

FUN o msvaasslausunaunsuignsasluaisazary
37 T190AIUA UazaIsavaIgoandlad

4.3 msAnweaaMutntulumMsnaMuEzen
ASIUNDILAS
Tneyiansaza1sa1nnIsnaansdl 4.2
ﬁLMm’lzauﬁqm UsuANnUE Ul BNy EY
TneUsunnududuvesansasanetuiudosas
0.5, 1.0, 2.5, 5.0, wag 10.0 ngdsu1as ey
S n§antuhuNumeLn st 2.0 n¥u
wiasluansazaneiimsonl’

4.4 NAgRUUTTANSAINUIBIENATIUNDINAY
¥ o ¥ 2y a
AAEAINADIUUTY

VnaBIBINIEAUYUIR .45 1 Mmeinseau
win 230 13U Yevueelanenaawag 9
200 #n U&UMIAINEE AR I8UEY

Defence Technology Academic Journal, Volume 5 Issue 11 / January - June 2023 101



AnuazenaIndestu uanidayailiun
Usuugnenieliladuieniivssansainia
g

k. wamsmaamaﬁmmzﬁ

5.1 Wan1smaEsaEmIuYEaIeAs1udnfutu
INNSNAABY 4.1 NANISNARBINITIAN

a@15vanuazenas ULty naeands

VIAFDUMILNTTAUNINOUAL NTEUBNAY 200 1A

wagthunvinAnuagenas1uAuUUY

- 4 -

U @ ATIURIIMAI9INNITNAFOUES

winduduiiieanmswlvdvesiuiu
NI nnsdanagauaztiiula 31mdeann
AsBmageUIriinsIuwdidnAnn1ulasIlu
dudeutiu yoduln uazdindes Muandlugy
7 3 Tneludrureslasedunavdndeududiv
As1UdIAalduduwinneludindes @uise
Manuazealade wineluandesavinuuuy
LﬁmmﬂmiL?ﬂ&lmﬁmmﬁamsquuazﬁmé’m
vilnsusiiingnnszguiadalunadals
faudunuiiainassly ylivinauazein
lown Tunisneassazldans 3 Ussan Tuns

YraneasIuinAutu fie asuseiaveslsunfn
(Aromatic) aslaifida (Nonpolar solvent) wa
anstivudnides (Polar solvent) Tunisvnass
ssiulUansialifdavdedados esan
anumsduamnssnuasuouivnlmilsiauysel
Faduarsliiids avduSamunsiunisvedng
wanslifiivdetitadntios aannismaasn
answndldusudanasuinlaldansazans 3 viia
lAuA LBy (Benzene) leniwu (Hexane) way
wnuea (Methanol) dnsazanesia 3 wia ({u
asavanelaluda

FUN @vdiamhUudmnaeuaa s Iuiainiedtes)
a159un3d

a a

HARSaTIRnIINTI e sRuly
sziifrmdundn Argazasisussiunazudn
WINEgUaanINFINGY n1swtndvesaudu
TuflufisrfnrialinisimnlusfldanysalTed
ATIUANTININIIN WiEEAUNInANSURY
waznanfasanUfise i lndivenudy Azt
RS 3 Usean W exlsundin
(suudw) anslaliiih Genww) uavansiidudnios
(uvnuea) lun1snageU MNHANINAFOUNUT
ansUsunvierlsnAinansnsevihanuaeleRiTian
MNHAMSNAABITUT 4 LuuBuanansafisrsuish

nsIvmameluladiesiulsyme U9 5 avuil 11/ unsieu - dguigu 2566 102



awnegluansaraneliuniian ivieansazanela
Lifidvasudud duanduzui 4 uasnaaes
Auazeaneluiitu duanduguil 5

JUA & waaanyhnuazemes Ut

5.2 NANTNARBIMILNENENATIUNDIUAIRY
Tangnaaung

Tullanuusdugguinananumenves
YAdINaearInsyay dmnndndeining
Wulvaglianunsadeduifnseauld vinlilad
amusiugh uagnszaululdlilnaidosmnusedu
vediudnaensznIeiinszaukazdndodle
wivnanasawauiulUasyinlinszaunnuly
oen HnussiuavaNgs erfindunsesiosly
warglinuld indenneludindesazianas
Fansvau Tuedsfufiamaianszau vili
Anszauiinnuuiudt astunnnsbanseau
yninziimadendseninsdindeuaviinseauy
MiAnanuseau vlilanevesunaunsdiu
findeuvinszquiadnegiudindes ilvinden
Sindesiudu viliszansaminderdindes
anas yilvianuusiuganas uenani mnifn
msavaufiunniAullaungludindesuauunn
Auly ﬁ]sLﬁfﬂLLiaé’uazauﬁqﬁuLLaxﬁﬂﬁﬁmé’m
vindemevisen1asziln Wuwmsliindunsie
soflie1stu

TUNSNAADUILNAFOUMLNENENIAIU
nouns Tnglilansvesunsuianddosay 99.9
Tudesduununislidasiunesunslugindos
Taonse wietesfupuidemeiienavsifinty
Fugindesluld Suandausulanenouns
Tildhuinussana 2 % wazthasldusly
ansazanesing 9 fagui 6

JUN b msudusulansvesunsaluarsazare vl g

loun nseuadin nsnlalnsrassn nsndaia3n
nsalunsn Inunadeulnlasius Iwunaideu
Wasiuanue uazuaulunie

siinmesansazanefswieluil 1. nsauedin
2. nsalalasmassn 3. nsagatlasn 4. nsalumsn
5. Inunadeulalaswa 6. Inuna@euuasuug
Aue way 7. weulufly asavansunazuiin
Wuduinfu 0.5 Tuanedns wdentu
@mil,ﬂ?iﬂul,l,ﬂaasuaamiaxmEnqﬂ 5 30 w9l

[ — - B == 1

JUA avloaieiinduvuusulanznosuniiuyly

F1982a18nINTaNI5H nIANeTin uaznInlunsn
YUSUFUNITNAADY

nasnldununonsadluasazany
awfntesfetuiud Weunmnufisenseuing
nsauazlany azlandeuazAnglalasioudu
uAnSoue fanandluaunisi (3)

Defence Technology Academic Journal, Volume 5 Issue 11 / January - June 2023 103



lavg + nsn —» infevadlave + H ()  (3)

Tngnsaueddnazdnosdrsuinign
nandaihintudusu 2 uaznsnlussnilududiu 3
Fauandlusuil 7 druansazaneiivdeliiiin
nswasuutadle 9 vasEuduufazen

I
T T —
: T

A oo o — e ey o
i -~
i
E\ e o W e 3
| PN Pl | SO e,

U @ HaNTNAaeIuuELNe A luaITaYa I8 9
Wataawly 1 9alu

vsnnansuly 199l fauandlugy
7t 8 lénansmaassdisdl

1. ansazanensauedin iivesinmindu
finveddangvosuns Wureswunadniniuin
vadlany

2. a1savangnsalalasaaesn dAneafine
dAaruuuialansidnios

3. gnsazanunsedaTnsn inesineiniu
faalavenowns urssruialuguasidn
Tylashianevihsinveslanyneuns

4. @rsavanensalunsn nansazanyla
LifiAuasuduanigeu wansirluaisazane
flovauvemeuninaey (5]

5. Inunal@oulalasiua lufinng
Wasuwladle

6. lnuna@ouiuosuuaniiue tuiinig
Wasuuladle ¢

7. a1savansuenluilly anansazanyla
LA cudy wansiluasazans
ﬁiaaaumaﬂamwadLmeaua&ui (5]

INNIINAABINUT d@nsazanefiannga
aanelavieneuasliidulessuneunslaioy
2 ¥lin Ao @rsavanensalunsnuazionluiie
Wil fesanansazaneladeududin 3
wanslifiuinillesauuinveamneauns (Cu?)
[5] egluaisazaty wazaIndvesaisazany
snulenansavarsuenlufeddiduns
wanein ansavansweludlvaunsadeulave
noawndlidulessulduinnit wislusnudnda
Ao awnsaveardavenowndldinit aziy
Tumiaseizadenansazanouesluoduien
Aensruneadluainassty

5.3 pan1sAaRINANUTITuTNg1EIRsIU
VOATINNZEY

INNANNSAART 5.2 Tumausolie
msmeuduture e fnzay elild
UseBnBnngagn annnsauddes wislenia
Tunsasrsanuidemeseaindes luN15NAaes
ssdaununasundildimdn 2 nfu dldud
#ely 1 dlus luansazarsuesludediiany
Wudugsll 0.5, 1.0, 2.5, 5.0, uaz 10 Jevas
Tngdsung

Y/ = 7.5 X b';

U «ranseaesmsulanzneuniasluaisazady
uoulsndevidn s

NHANTVARBIAIAATIUFUT 9 WU
ANUNYBIFUNR ULV UL D ANUNTUUBS

nsIvmameluladiesiulsyme U9 5 avuil 11/ unsieu - dguigu 2566 104



A158ra18waN N ANTY waLlDANUUNTY
1nnISear 2.5 lngusuins darliuaneng
281988y vy MU NFeNANULUTY
Soway 2.5 lnaUsunng Weeannaanisauuans
Tunisldansialivazanlanianagadsnaniny
a 1 o ¥ Ay Y a a )

deen0aINaIlu upgsnslseansniwdu

Pinela

5.4 NageUUsTANEANENeNAsAsIUNBILAS
Aa8a175UU

wdnldansivuiinewasany
Waduimnzauuds Sedomnaasaseesiiy
339 WieAnwithenaunsavhauldesmiela
heuldaiiedla Hidedsliveaaumeatistu
Uz dFUNenmssTRalsIS BT AR
Tuguit 10 Tasthe1ysduludanaaeudie
wanszauads S1uau 200 n wdsniutan
MAMNALINATIULUNILAZAIIATIUNIB LAY
folu

FUM @0 9135 0uUsz 91185 5Y0lT T U850

Aldiduthumanlunisnageuniiena nesiv

V1O9HAN

JUM 00 d1nd 09T undsaindanngeus 100 sz qu
WanouunsdIuau 200 1n

N3UN 11 wansidivanmuesdindodu

a

NBMAOUMNTEIUTINaWAITILIU 200 1A
Fouduldindasuwiiasauagidudiuauuin
IAgRNIZANLTBANGELT MR INTUNAZOUNNTAN

mete1annsui lanadsgun 12

JUM alo NMa NI TUna191mNIAIINEZ MM 81E)
ANATIVYL

WENTANUEZ AR UN8NEN ATV
wimuindndeduiiruazeintu Seudidu
winuseundefenslinylanenaunsiney
ﬁ'ﬂgﬂﬁ 12 uay 13

Defence Technology Academic Journal, Volume 5 Issue 11 / January - June 2023 105



U oa iavlaveounsiiginumaseeaninuazeIn

SINAOA IEUIENA NATIVL

funaugasing de nrameasuiien
Fr9n1Uneanns Tnetidndesiiansnsiumain
38U BULAININAADUA 19LAYNDILAIA 28
ansavareleulufleldutusavay 2.5 lag
VB fhemsanseduiuinngu dansmaaes
LLamé’qgﬂﬁ 14 uay 15

U o HANI549ATIUNDIUANA 281N ULAL 11

ANATIUNDIUAN

WeduduUsE VS MNIMARBUNITANIME
JINAULALUIYIANATIUNDLAS IPNANITNAABY
fIMN5199 1

M15797 1 HanN15aNATIUNBLAINglud N
mgunaugsuiuligNa1edINansuy

AN d5nlYy WNANISNAABY

1 thndy Lifinswasuntas

2 thendns Wasudanla
andasliu Dby

3 thnd Tyifnnsdeuuas

a thendns Wasudanla
andestiy Dby

5 thendns Wasudanla
andesliu iy

6 thendns Wasudanla
andestiy Pty

U o& MIWMaIaNE NI TUAIEUIEIANATIVNEIUAI

INNISNAABINUIN VHIINANEINADS
VLN MAFOUAITINTLAUNDIAITIUIY
200 1R AIEEIA19ATIUHELAZEIEIAN9ATIU

v o Y A A @ A
1oaknd leandestufazeaduiuinels

nsIvmameluladiesiulsyme U9 5 avuil 11/ unsieu - dguigu 2566 106



6. ajUuazafiusena/Jotauauus
PINAITNABDINUIN @1TLUUTUEINTE
yedsasruainledign iosanaisazane
wonlatomnundusesas 2.5 lagusuing
wiangaudnsuldiduansiaidimniuvedne
asuneaasnelugingss esnansavais
wanluiearunsavinufisedulansvasung
Tnowdsulansvesuasindulossuuin [3]
Feaunsaazanslutled 1idesanuenluiy
wazindenauladeonlasuniseensuindy
a1svzd1efifuszansaanlunssuiunis
laningnansazary (Hydrometallurgical
process) 1psannanuduiiviaziunuei
AsdinauAuladie warnisdilanenaumu
annlyduuuidentags [6]
7. Andfnssuusennd
vovouAud1nIUITgLasHRIUINIg
NNNMTNDWINED @INNT.) EUSUIUUTZUU
lun1sinlassnuddy veveunmuneivIiand
waztall dhefnen 15eSsuwIeEe dmsuies
UtAnslunsihanidds veveunaudming
U890 UIITUIIV N UIE NS UAIUT N
TunsnngoUUsEansame

8. LNE1T91984

[1] R. K. Wilson, Textbook of Automatic
Pistols. Small-Arms Technical Pub. Co.,,
1943.

[2] 2. T901w. “vlinvesanasiuazvinvosu.”
PUNPEIYNGPANG.com. https://sites.
google.com/site/punpeiyngpangcom/
chnid-khxng-la-kixng-pun-laea-chnid-khxng
-pun (Sufidnge 1. 9, 2564).

[3] R. Chang, Chemistry 12/e. Bangkok,
Thailand: Mc. Graw Hill, 2018.

[4] R. Chang, Chemistry. Bangkok, Thailand:
Mc. Graw Hill, 2018.

[5] J. Clark. “COPPER: Reactions of
hexaaquacopper (Il) ions with ammonia
solution.” CHEMGUIDE.co.uk. https://
www.chemguide.co.uk/inorganic/
transition/copper.html (accessed Mar. 9,
2020).

[6] V. Radmehr, S. M. J. Koleini, M. R. Khalesi,
and M. R. T. Mohammadi, “Ammonia
Leaching: A New Approach of Copper
Industry in Hydrometallurgical Processes,”
J. Inst. Eng. (Indlia): D, vol. 94, pp. 95-104,
2013.

Defence Technology Academic Journal, Volume 5 Issue 11 / January - June 2023 107



UNAINITY

N159NLUUIYLLASNRIU
¢ O v A &II = =S ad
YRR TEMSURANATUUUURNNIENSTS

Wy nsvn 't Audes wmes ' Soydan dunes’
Yozsa 11d03y " wey WA Junsih!

Fuiifu 28 waAdnneu 2565 Tufiudly 20 nuaus 2566 Jumeuiu 21 nuaTiUS 2566

UNANED

‘U‘wmmﬁﬂénﬁnmiaamwﬁ%’ﬂLLazﬁmmﬂ;maL%ﬁ‘ﬁm%’uaméﬁuuﬂuﬂﬂmaqwﬁ%%
Tnefin1enuuussuuae s duns1sadmiunsIaTunIsdnaesgUuuudsneslulnn1sgnsis
su MaA1 Tasgmamwesilgneenuutliudesuanaweslugasdunsusnidednsdulndwiniu
iietdunsiaesifinazgamnuenszauiu Wenanawesannsznudsaniln ndesdursisauas
sTUUUIEINaNaNIN (Image Processing) 9¥n39TUfMumisvasuasamefilauaninanmuLan
soly dslunisideuasimunildtinsfaineumesdmiunsatumainmsts Tnsfimaiudeya
MnMIveaeIIINEULes 2 ¥lin lén 6-AXISIMU-UNITMPU6886 dslinsaainussiinainussiu
(Recoil) vostulasiinslfisumesinnnuise (Accelerator Sensor) uay SPM1423HMAH Faifu
wuwes InLdes (Sound Sensor) dnsuthulilumansiasuidsestiu mntuisidoyaris 2 du
uszananasislulasaeulnsaass (Microcontroller) fiusznausedu lod ESP32 wagviune
(Prediction) M3tAansBannmgAnssunisdulntushessuutaussaus (Artificial Intelligence: Al
TusUuuulassteyuszamiiien (Neural Network: NN) laguan1s3denuinmasainyiinisnagauniu
YurnnegnsTs Ju MAAL d1uiu 15 nszusnveasssuvawuilngualiousss gaawesaiunse
nsdunsBeluligndeswiugnfisieay 95.63

5 o

AdnAgy : Judnay, wuwesianisduasiiiou, wuwesinszauides, Jygiuseivsg, laseie
UszanLiieu

1 = | e = a @ = 1Y)
AUIUITTUULATIIVIYEN LANUDURN, ﬁﬂ']UuLWﬂIuIaEJ{]@Qﬂuﬂiszﬂ

" gusie, Bla: piyarose.m@dti.or.th

nsaIvmamaluladdesiuiseme U7 5 avvil 11 / unsieu - dguigu 2566 108



Research and Development

of a Laser Kit for Tactical Training Rifle

Jedsada Kraikhow ' Gunthorn Nathong ' Ranchida Khantong*

Piyarose Maleecharoen ' and Naris Channum '
Received 28 November 2022, Revised 20 February 2023, Accepted 21 February 2023

Abstract

This article describes the design and development of a gun laser which is used to
simulate the behavior of a bullet, both the trajectory and the bullet point, of the M4A1 tactical
firearm in a virtual shooting range. This gun laser emits the infrared signal when it is turned on.
The IR camera, then, captured and analyzed with the image processing before visualize the
bullet point on the screen. There are 2 types of data from the sensors that are used to trigger
the laser. The data from 6-AXIS-IMU-UNITMPU6886 sensor is obtained when the accelerator
sensor measures the recoil force of the gun. Another data set is from SPM1423HM4H sensor
which is a sound sensor for detecting the sound of the gun. These sets of data are analyzed
with the microcontroller equipped with IC ESP32 chip. Artificial Intelligence (Al) in terms of
Neural Network (NN) is implemented to predict if it is a gunshot so as to turn on the laser.
The result from the experiment with 15 M4A1 tactical firearms in a virtual shooting range

shows that the sensor is capable to detect the gunshot with the accuracy of 95.63%

Keywords : Airsoft gun, Vibration sensor, Sound sensor, Artificial intelligence, Neural network
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Network) Fadulassineusvamifionuuudos
fiffaou (Supervised Learning) Llevngunuy
fumngandnsurinuenansda (Prediction) [7]

2.1 Tasedneuszannidisy (Artificial Neural
Network: ANN)

TssngUszaiiion Tignasradulned
InquszasdiilenssiaesdnunynmsUssinana
T TN GO PORRIE AR R SIUE
AAAIENSLAITE0A (Mathematical and
Statistical Model) Usgnauludiediuves
nMsUssananaiGond Tiseu (Neuron) e 9
fnsoutu annsedifeyatouwdn (nput) 16
vangAn wideyadean (Output) dwilleliles
AR wagyn 9 Jeyadieen (Output) el
nms@eledlugadeyationdi (nput) u 9 ves
Thsoufieganslulassinsdmiumsidonles
Aunegly wagnn 9 deyatewd (nput) il
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AN (Bias) Wi vuafdwwesnsieules
nelu Tagazdandunnuadyyiudsean
ASeniwIn Henduanelou (Transfer Function)

Aawanslugui 3

Bias
X1 wy Activation
Function
Output
Inputs { X3 W3 Z f y
Xy Wy
Weights

3’1/77 m a9AYSENIUYN Artificial Neural Networks [8]

2.1.1 wadwunsaunatedy (Multi-layer
Perceptron: MLP)
Tasstneimesiwunseunatsdu (Multi-
layer Perceptron Neural Network %3
3undnaY19I1 1ATINIUTTENABULUULNS
gounau (Feed-forward Backpropagation
Neural Network) a¢fidnumsfe fndledudunm
(Input Layer) fiviwihdilunsiuteyadiands
TasseUszam diedsselududeu (Hidden
Layen) SaazUszananadeyaiiliuneuazasluds
Fuodam (Output Layer) [9] Tnstugou
(Hidden Layer) aildognatios 1 4 fouandlugy
7 4 aptnenssuvedlasaneyszamiisuuuy
UnsgouNau (Feed-forward Backpropagation
Neural Network) uilnevialuudrdnuazves
Tnssnedszamiientdu aslufides ianis
nquiluidosesiiuiuesiugeu [10]
dmsulunuiseiasiinsimustunou
nsseu3 Ae gdinsimunsiuanlnunluty
Bunm () 101nm (2) wagdualnuslududeu
(w) Aslstavian 2 ﬁau%ﬁmumauqﬂqmﬁ%

v

nsBeus (N) Taudsriinnanaiigausule lag
ﬁmﬂ%ﬁﬁﬁ%’uﬂiséju (Activation Function) @9
I s A o v o &

Wuianduivimnnlun1susedianananunain

ynduwaly 1 Jugou iedwauendnalud

Fudaly dmsulumuiteidasiiteddunsedu
fAetes Ao Hardu ReLU (Rectified Linear
Unit) wag fentudnuess (Sigmoid)
Heddunsgiuuuy ReLU (Juilaridy
Plaidudou uenanazaninsativansreznaTiy
myUszinanalafua Ssdvaniyni Vanishing
gradients Sn¢ae [11] ilosanileddu ReLU 2z
fidnwauzilu Ramp function Taefiguuuumu
aunsit (1) é?iaLﬁa%’mgﬂLLé’ﬁ%Lﬂui‘Ummumﬁ
71 (2) ndnifle 5’15141/3@11?‘@1"16?’«@ 04uly Rl
Aazdiaiiy winduneiiatesnin 0 9zl
st dEnaliIY 0 nasa [12]

X1

B R
— { ) € 4
x \}/ S T Z;

¥ €3 by
AN £
g \..?Y'\ AT
/ ) " ) - €]+ t}
w / )
Xy NM Sy Wy — ZJ
INFUT LAYER MIDDLE LAYER OUTPUT LATER DESIRED
BRANCHING  NEURODES NEURODES OUTPUT

NODES

JUN @ a01UnensuveslnsstgUssa e uuung
goundu (Feed-forward Backpropagation
Neural Network) [13]

z ifz=0

relu(z){ﬂ 20 (1)

relu(z) = max (0, x) (2)
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Tusddglatinisivuaednngaving
Thu 0 930 1 WiowSoudioudeutendu
maammwé’wmﬁaﬁuﬁugﬂLLUULﬁaw%ﬂﬁﬁu
flgannsmeass Tngvihnsuszenalifleidu
?urmaaﬁlu%ufjﬂﬁwriauﬁ]ﬂﬁm’]ﬁwm Tneludy
vasilestudnuees axiianwusilandududulae

JUA S AidAegsening 0-1 [14] dsuansly

Y

aunsi (3)

S == (3)
X =T ¥ex e+l

1ng
relu(z) fe #andu ReLU

S(x) fe WAtuBnuews (Sigmoid)
z AB 116N
x Ao Bunm

2.2 MSIAUSEANSATNUUUDIaD9

PAIINYINNITAOULUUIIABILAT AABY
YinrsnadaukasUsetiulsed@nsninusg
wUUdnaed (Testing and Evaluat ion) Aeutily
TH1uase erdunisuszdiumdssansam
ﬂ’l’liig]ﬂ(;fa\‘iLLJJIHET’]%JENLLUUﬁ’laaﬂﬁa%’N%uIﬂS
wfimsliyadoyadmiunaaey anduasi
nadnsTlsudiieas s ngnuduay
(Confusion Matrix)[15] Gaenlusnsnauseneuse
4 U [16] faguii 5

Tnefimnamunegvossauusead

- True Positive (TP) Ao &filuswnsy
Yueininty Fenseiuauae Tnelusunsy
eI 939 wag dandu 95

~ True Negative (TN) Ao Asfilusunsy
¥wein BiAntusss Teefidaiuliifeduly

Anuduasaguiu Ineluswnsuviunegdn ldass

way dan liase

- False Positive (FP) i Asfilusunsu

yunglinssiuanuduass neluswnsuyiiune

! a A [ [
11 939 e Gandu liase

- False Negative (FN) flo sfilusunsu

Fungldnsaiuanuduase neluswunsuyitune

J I a A [ a
71 la3e um Jandu 959

Actually Actually
Positive (1) | Negative (0)
Predicted Tfu.e F§I§e
Positive (1) Positives Positives
(TPs) (FPs)
Fal T
Predicted 5 s.e rug
. Negatives Negatives
Negative (0) (FNs) (TNs)

g‘l/ﬁ' & Confusion Matrix [13]

TusuAdetasinsiiaisuanildan
AN NGANFUAYR (Confusion Matrix)
Tfemunlssansamussuuusiass 3 m
Fail

- AUNFY (Accuracy) +unsin
AUYNABITBILUUTIADILAENIITUITINYN

Naans lnaAwinlaanaunish (4)

TPs + TNs
TPs + TNs + FPs + FNs (@)

- AU UET (Precision) tHun1sia
AYUBUUEIVBILUUTIADIIINATTNAITULEN
Tavuaans lneauialaainaunisi (5)

TPs
TPs + FPs (5)
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- Auly (Recall) Wunsianiugnees
YeuUUSaeivhunei 95 Wsuiusuuads
maqm@msaﬁ’wmﬁﬁﬂﬁuﬁn EGRIRI)
naunsi (6)

TPs
TPs + FNs (6)

- #1 F1-Score WWuAnadsuuuaaie
g13uedin (Harmonic Average) 5w ANLLLIEN
wazawly tieduian3nd Bauneaiiia
AMNEANNTOYBILUUT A lAgAIUIUlA RN
aunsi (7)

TPs + TNs
Tps + TNs + FPs + FNS 7

3. /N1SANAUIY
YaLawesBuNsIRd msUsTY e
wagnsITUNISBsarUsenaulumenisesniuy
Hardware #lgviauauglufiudiu Software
ﬁi(ﬂ”gﬂ%i’faLLasaaﬂLLUULﬁ'aﬁﬂlUﬁmé}gqmq
drulangveanszuenUurnmegnsis Ju MdAL
lagiin1sdninediunusresgunsallussuy
dusurnsUaseiawesdunsisa ladnazdu
lulasmoulnsatans, Yaraweosdunsem,
WUALADIYISL08S, STULWULRS, LUALAeS
wazaindsing o dauansluguil 6 Gegunsal
fanuaazgnisznavaduvedaundluiiiiio
Fnqusrasdlunisiiazannisidanslvlas wasidu
mssiunaRasvareasindh vlveamsesu
ussduafiounazideannszuugnideunestuld
Tnggataiwes dunssnazviauilowuies
mmmmm%ﬂﬁﬁqmi@waﬁuﬁgﬂﬁwawﬁu

Famssaeslufitie nsasraduussduiiiinen
w9 (Recoil) voslulngltiwumeasinainuis
(Accelerator Sensor) WarN15RTIATULEBUBIUY
Tnelfwumesindos (Sound Sensor) 91nt
azihlUussananasuiulassieUssaniiies
lgvinseanwuuld e ldldAnnissunauann
LA E9VBIENINLINRDY LAWDIDUNTUIALYINU
Aredlansianumsinnuve e Siaossia
wionru Inedsuuuuvesnmsiadoulmuasides
Pnldnudismualiivindy dfafietesiy
nsalnslatuRng siuiumanenseuanluasILRen
Wlansaslauunlannisedoulmuazides
AAstuluvedunsyuenlaluauniina

T , =
* LUALADT

JUT b shwmdsnsfindiuazauseneuvesssutiares
dunsusauuUaIenszUantuln Ju MAA1

3.1 aUnIaln1mMAag
Turuddeiiinsdulufinisasiadu
n158edu Feazdinsldwuwes Taainuiss
(Accelerator Sensor) Liians19a0UdnYY
mim?{auﬁmaqqnLﬁauﬂmﬁaﬁwmﬁﬁulﬂmwj
TUumuwesaides (Sound Sensor) Miinan
nsindeuiivesszuugnideu wionfuyalilas
noulnsalaasuaziawessunsusafidanud
980 wiluwing fildlunstreszydmmne laedl
wazBunmumes TR 1
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a a & al Ao
A15199 1 598D EAURIN M MIUITY

Sensor Parameter
6-AXIS-IMU-UNITMPU6886 angle and
acceleration
SPM1423HM4H Sound

Tudulilasroulnamesiliviinside
azidusuiid lod ESP32 Fafimnuaiuisa
Tumssessums@euselsine Wik waz Bluetooth
4.2 BLE lush @ cPU 7ildanUnenssu Tensilica
LX6 WUU 2 unuaues wiondudygiauiing
240 MHz nanlaguss Espressif [17] Alassasng
vosilafdunsieusiagui 7

ESPAZ FUNCTION BLOCK DIAGRAM
Embedded flosh g Radia
link ;
% A baibond || RFreceive |
J |
53 WiFi Wi |||
= MAC  bombond | o wonmt |
I el
UART
Core and memory ic hordwore
EH Dual- or single-core
Xeensa 32-bit LX& | SHA RSA
IR microprocessor
W
" l ROM. sRam | { AES RNG
Temperature sensor J
B [ [ Recovery
SAR ADC | corprocessor memory

3‘1./171" & Function Block Diagram vevlulasaoulnsaiass
U ESP32 [15]

3.2 /ANdUNITINY

lulaspaulnsaass wag IMU Sensor,
Sound Sensor &g IR Sensor Module aggn
Usznaudnmeiiu nefiniseenwuunisideuse
Wuunuiaeas ﬁauazgﬂamﬁwuﬂmaﬂﬁwan
T Ju MaA1 Tigndnudasesnuuuaiuusnniy
dmsulivhauiuszuvay fauandugud 9 il

nsBmaaeuiussuvauirndUualouss
fildnwaziduroda fuansluguil 8
doszuuiawesdurlssansaduifa
n1ssveslu agvhnsUdssnasaweslugae
Surlsusneenluannsznueanindiganie
FumangfinlevinnnsBeduilng eenly dadu
mMIdaeRikarnnnveInsyaulumeLaaes
Tnsgaiagldaunsoneaiufenidar usay
a1un3ansRdudunaaesBurlsusale
AeszUUUITTUIaNaNIN (Image Processing)
wazsnendosdunlsn Wessuuldmumiagads
YosUURN“ U&7 wMsdegavserumlni st
fuludalusunsuanfinifiouwdananisbeuas

iudoa

FUI & msveaeuss UL TuAUINRnE a1 Te

JUN e sumaiansayalaivesounsuTauUn syUany
U MAA1
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Funeunsrrunsdaiuazinsende
fanmsnaaedaiomn 1,120 ada Tngesd
data logger dmiuduiintoyadyaaildan
WUEeS UNuNIuAInTes (Filter) wazuuas
&aueyrauae Fast Fourier Transform (FFT) uie
Junswseudeyalindeunsunisiideyaly
UszgndldiulasediouszamiioaitoGous
miﬁ?ﬂLL‘UﬂE‘ULL‘U‘lJEifiyEUﬂmﬂﬂiLﬂgaulﬂﬁsUaGQﬂL?ﬁlau
mamﬂﬁ’@hasﬁwgﬂLLuuﬁzymwmﬁﬁﬂﬁUIma
n1sliaulusunsy wiadu “gusuudgyaiu
msduvesnsBeestiu” uaz “Lidusuuuy
Foyaaunisduresnsbvesiiu” niuFah
nadmsAlalUldssysunuudaansdudu 9
Tasfinmsszydnuaizianz angafegaiiag
Iuszananann Tagldinsesilodmsudou
TUsunsufAe Jupyter Notebook menw python
wazld Tensorflow Tun1sasne training TF
model dwiunisFeuunuudygyiunisau
warsUuuUdyg1adesveanisdaesdu Ly
azwlanisaey (Train) Wuaesdiu Ao dauusn
Fauansluguil 10 9ziEaninnisasy (Train)
vupsufimesiiemandstnin (Weight)
dmfuihlddhduneunisuszanaseuylalag
AoUlvIALADS é’mamﬂugﬂﬁ 11

ANN Computer Processing
Vo J J " J J 4

Create Model
*®  Vibration *®  Vibration *® Vibration *®  Vibration Training Model
* Sound * Sound * Sound * Sound
Logger >
@ @ e ‘ Weights Export

U7 o0 n13auaznIsaey (Train) JUkUUNITaUUAY
WFosvastiuyupeuiunes

ANN Microcontroller Processing
P P g g
Weights Import
Shooting Detection
IR Laser Module Control
IR On or Not

 Vibration * Vibration * Vibration

* Sound * Sound * Sound

UM 00 N15UNTIA 199980 100 (Weight) Tululas
Aoulysaiaas

NnMsvassazlideya 2 4 Ao M3y
LLasL?wqmﬂmimgauﬁmmqm?ﬂlau JEELT,
veaey 19 szannsavhausededlsuszann
5 drlusserannisyde 1 $alue

4. Nan1538
mafivdeyadnuurnsBaesdulinma
gNgIs Ju MAAL agiinsussiiunaUseansnn
A8N15MRBNTES 19T IUUNI NG AN UEU
(Confusion Matrix) Tun1seurmeiiieados
laun Augnees (Accuracy) AUULUEN
(Precision) A3ll3 (Recall) wazen F1-Score oy
finslsuysunuanusiildinnisdulngae A
wazfhuUsaausTiinnisaulnge B niiues
finsvegousien1sBstuauuvaaeuiatuiu
naannslFuesednads

4.1 wansaeuliluuInaainnsiguuuY
nsdunasidesvasgnideuiiieifinnnsBetiilng

1NN 2 WAy 915199 3 azmud
NN sUsEEUUsEENSAMYBUUUIIRRIN 18T
nsaeuliiAnnsisuuuunsdunasideses
Yuiln= 2wt uuudnesazansauenguwuy
nsduuazidssvesduilniiinannnnsBsdule
IpgdlAn Fl-score Ap 0.99 Uy 0.95 MXHEIRY
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A19199 2 Wan1sUSEIUUSEANSAIWANENAS
A15eauliLUUINRDLANNITIINTULUUAITEY

Y Y
209UURN
Actual Precision Recall F1-score
A 1.00 0.99
0.99
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a a a a )
A157190 3 Nan1sUTELUUSEEANTAINA8NAS
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0IUURN
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Ty

A fa fuswnuanugnliianisauln
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4.2 NANITNAGBUINNNITNAADIIFITUDI
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nsyuanUuRny Ju MAAL uagyihnsvageuiy
Yurtaa 15 nszuen wui Mnnsddiuiaun
200 fa LawesJuazrieuadefiussuna
191 afs Fauandluzuil 12 Fsazanansor
AMSIANLLIUEN (Accuracy) ¥In1ITI93UlA
AUANN15T (8)

Y%Accuracy = tow Xiewa y100  (g)
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1y
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